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Our paper provides insights into when
the adoption of micro frontends
may be worthwhile,
particularly in an industry context,
considering that research
in this area is still evolving




Research Questions
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What are the motivations and challenges involved in
adopting a micro frontend architecture in the studied
company, which already uses microservices?

What are the perceived benefits and drawbacks reported
by developers involved in the migration from a monolithic
architecture to micro frontends?
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The Aquarelle project, built on Node.js, was introduced to implement a reactive chat feature capable of displaying
dynamic backend data such as order status and user actions
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Brindle

Backend for Frontend (BFF) pattern handles (1) internal routing, (2) orchestrates data from microservices,
and (3) forwards it to a template rendered by an open-source library developed by the Company
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Methodology

Semi-open questionnaire
1 month duration

Employees involved in frontend projects

= Frontend developers
= Technical Leads

® Engineering managers
m Software architects

19 questions (15 open-ended + 4 multiple-choice)

Full questionnaire available at Zenodo

8 participants

7 men/1women

5 participants

>10 years of experience
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Trade-offs of the new architecture

S S

Positives Negatives

* New developers e Evolution depends on extracting

¢ New technologies services from the monolith

e Faster deployments * Onboarding can be harder
e Simpler implementation (because of complexity)

e More transparency in the  Data conversion affects speed
project understanding (formerly done by the monolith)
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What are the motivations and challenges involved in
adopting a micro frontend architecture in the studied
company, which already uses microservices?

What are the perceived benefits and drawbacks reported
by developers involved in the migration from a monolithic
architecture to micro frontends?
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While not the only possible solution,
micro frontends turned out to be
the most convenient
within that specific context
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